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HIGH THROUGHPUT, HIGH FIDELITY DATA
GENERATION TO ENABLE Al LEAD OPTIMIZATION

Traditional antibody optimization approaches involve screening a small subset of the pand the full
available sequence space, often resulting in drug candidates with suboptimal binding . a.
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affinity, developability or immunogenicity. Based on two distinct antibodies, we

SPR USED TO VALIDATE QAACE DATASETS AND
MODEL PREDICTIONS
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improve antibody engineering, and may increase the success rate in developing novel o e e
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2 R e s 5 PR e e 25 Absci’s ACE technology can generate large (>50k), high-quality training datasets to support Al lead

optimization. This end-to-end technology involves rational library design, expression and cultivation in
SoluPro™ E. coli, ACE high-throughput screening, and medium-throughput validation (100s) using SPR.

Training datasets can be generated for multiple parameters, such as pH-dependent binding or affinity to
The flow cytometry gating scheme is shown in (A). After parent gating to reduce aggregates, debris, and multiple antigens.

non-permeabilized cells, bias to antigen binding signal from expression variability is controlled through an
additional parent gate on the 30% mid expressers. Six collection gates are then used to bin evenly across

the log range of the nntlgen signal. (B) After sorting, unique molecular identifiers are added to flank the CDR E PARTNER WITH US

region. Collected material is then amplified and sequenced. Read counts weighted by distribution in sort Leverage our Al lead optimization technology
gates are used to assign ACE scores to each variant, and variants measured consistently between multiple & to enable your projects.

sort replicates are retained.
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